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A Study on Resolving Bamriers to Entry into the Resell Market by
Exploring and Predicting Price Increases Using the XGBoost Model
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ABSTRACT

This study noted the emergence of the Resell investment within the fashion market,
among emerging investment techniques. Worldwide, the market size is growing rapidly,
and currently, there is a craze taking place throughout Korea. Therefore, we would like
to use shoe data from StockX, the representative site of Resell, to present basic guidelines
to consumers and to break down barriers to entry into the Resell market. Moreover, it
showed the current status of the Resell craze, which was based on information from various
media outlets, and then presented the current status and research model of the Resell market
through prior research. Raw data was collected and analyzed using the XGBoost algorithm
and the Prophet model. Analysis showed that the factors that affect the Resell market were
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identified, and the shoes suitable for the Resell market were also identified. Furthermore,
historical data on shoes allowed us to predict future prices, thereby predicting future
profitability. Through this study, the market will allow unfamiliar consumers to actively
participate in the market with the given information. It also provides a variety of vital
information regarding Resell investments, thus. forming a fundamental guideline for the
market and further contributing to addressing entry barriers.
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Second-hand Goods
Normal
Value Decrease

Price below release price

Resell

Have Scarcity
Price above release price
Value Increase

Type
Characteristics
Future Value

(Table 1) The Difference between Resell and Second-hand Goods.
Resell Price
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Strength/Weakness

- An advertising contract with Nike Mania

- Highest market share.

- Have Showroom
- Low consistency of inspection criteria

- Easy to identify bids by size
- Neat Packaging

- Naver Pay Benefit

- Long Inspection Time

Weakness

(Table 2) Domestic Resell Markets
Strength

Platform
(2020. 03)

KREAM

Company
Naver
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(Table 2) Domestic Resell Markets(Continued)

Company Platform Strength/Weakness Items
Strength
- Easy to identify bids by size
< - Pick up Service
. SOLDOUT . Sneakers,
Musinsa (2020. 07) Opgrdte Magazm, Youtube Clothes
- Giving Musinsa Coupon
Weakness
-Low number of users
Strength
OUT OF - Operate Offline Store Sneakers,
Lotte STOCK ~ Selling i her th h Cloth
(2018, 04) elling items other than shoes othes
' - Latest Platform Launch
Strength
- Provide fashion-related content
REPLE - Free fee
KT (2020. 10) - Can promote self-made sneakers Sneakers
Weakness
- Low number of users
Strength
- Web service delivery Speakers
SeoulAuction XXBLUE - Selling items other than shoes Clothes ’
(2019. 09) — Sneakers Transaction Fee Free ArtTo ’
Weakness y
-Low awareness
Strength
- First to launch the platform (1st generation)
. FROG - Has a famous inspection team leader
Hinter (2018. 12) - Have a thick enthusiast Sneakers
Weakness
- Seller’s one-sided transaction can be destroyed
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(Table 3) Variable and Classification
Variable Explanation Classification
Brand[3] The name of the company launching the | Adidas/Nike/NewBalance/Puma
a product /Vans/Converse
. Detailed lines of products released by each | Yeezy/Jordan/Airforce/AirMax
Line[3]
brand /Huarache, etc
Color[39] Categorize values of colors according to six | achromatic/neutral color/red series/
criteria blue series/vivid color/multi color

Collaboration X/Collaborate with
designers or brands/
Collaborate with celebrities or

Collabo[39] Categorize by Destination by 4 Criteria singers/Collaborate with other
industries(ex. Coca-Cola, Hello
Kitty, etc.)
Sizel3] Use as it is in the overseas size 1.0~15

Number of searches for products on Instagram,

I Search| . . .
nstagram Search(6] a world-famous social networking site

The number of posts

BIDU_Search(6] Number of searches for products on China’s | The number of searches
largest search engine, Bidu




AE

A & Ao 74
<Figure 1>9] &A= 718

”W AA 2] AFo] EQL StockX el A

247z A dlolHE 5kl o] % vlolH
A2 B4ES AR g2o2 XGBoostE
9 94 MG S MAE 2252 &
=% 7, ol djFH = 2YAZE o]E5to]
AAG BHE sl 74A Fol st g 7
Ag ol olk
( Coll@ Processing
StockX Data Product
- Product —— | Name
Name
- Color 1
: g:l':bo Pure Name
- Premium tf.'a"d
- Pri / ine
\ 4

Join
&
Aggregating

Total
Raw Data

o

\ ~
\

N

Categorial Variables

about Color

Categorial Variables

{___about Collabo

Brand & Line

Make Dummy 0

V' Variables about |

4

3.2.1 "ol8 3
dole +3& el F Al EolA sele-
nums &85l AEHE 783, <Table
4>8} o] o 150wk 7)) A Elo]E (raw data)
g £3% # 99
(Table 4) Data Collection
Brand Raw Data
Adidas 265,940
Nike 741,952
NewBalane 123,946
Puma 115,291
Converse 136,466
Vans 118,625
Total Number 1,502,220

2o A5 ol g £95] A8 B
Adidas, Nike, Puma, Vans, Newbalance, Converse
5 R AUAZ BAE 1S A4 5

ol&

A

Collection2

Instgram

Search Number
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Search Number
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7| Algorithm

Prophet

(Figure 1) Research Framework
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(Table 5) Data Collection Summary Example

Variable Example
Name of Product Adidas Yeezy Boost 350 V2 Beluga
Brand Adidas
Line Yeezy Boost
Transaction Date 2020-09-12
Transaction Price $398
Release Price $220
Color Grey
Number of Sales 10984
Collabo X
Searching Number of Instagram 113454
Searching Number of Bidu 70807
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[Color Variable] [Color Variable]
h—l
Variable 1 Achromatic [Black] [White] [Gray] Variable 5 Highlights color [Vivid color]

Variable 2 Neutral color [Beige] [Olive color] [Khaki] Variable 6 Combination of Various colors [Multi-color]

(Figure 2> Example of Color Classification

.. (Collabo Variable] = #oxr st

et # OF SALES

om0 om0

Collabo 2

5799
PRICE PREMIUM
262.5%
. s AVERAGE SALE PRICE
NIKE X Travis scott Cactus Jack
$558
Variable 2 Collaborate with a celebrity or singer

(Figure 3) Example of Collabo Classification
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(Figure 4) Influence by Factors
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Price trends throughout the period Price trends by day of the week
1400 0
1200 15
1000) > o
T s
800) ¥ 0
600 =
- 00: 004 006 008 2010 01 014 016 018 1
- Sunday Wondsy  Tuestay  Vednesdy  Thursday Friday Saturday
Day of week
(Figure 5) Price Trends for the First Model
Annual Price Trends
600
550
500
E 400
350
e 2002 2006 2010 2014 2018
Weekly Price Trends
~g
i :94
§ —95
—96
—-97
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